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Abstract

Artificial Intelligence (Al) is increasingly integral to strategic decision-making across diverse industries, with the
travel and food sectors being prominent examples of its transformative impact. This study examines how Al
shapes business strategies in these sectors by analyzing secondary data through a qualitative, thematic approach.
Four primary themes were identified: personalization, operational efficiency, demand forecasting, and ethical
considerations. Findings indicate that while both sectors leverage Al to enhance customer experience and
streamline operations, each industry applies Al in distinct ways tailored to its unique challenges and goals. The
travel sector emphasizes Al-driven personalization and dynamic pricing to attract and retain customers, while the
food sector focuses on inventory optimization and targeted marketing. Ethical issues, including data privacy,
transparency, and job displacement, were found to be crucial concerns across both sectors, underscoring the need
for responsible Al implementation. This study contributes to the growing body of literature on Al in business
strategy and highlights opportunities for future research on industry-specific Al practices and ethical guidelines.

Keywords: Artificial Intelligence, Business Strategy, Travel Sector, Food Sector, Personalization, Operational
Efficiency, Demand Forecasting, Ethical Considerations

Introduction

In recent years, Artificial Intelligence (AI) has become a central force in reshaping business strategies, offering
transformative capabilities that extend across industries, including finance, healthcare, retail, and especially travel
and food services. As businesses increasingly integrate digital and data-driven approaches into their operations,
Al technologies—such as machine learning, natural language processing, and predictive analytics—provide
unprecedented tools for enhancing efficiency, personalization, and customer engagement (Russell & Norvig,
2021; Shabbir & Anwer, 2018). Within this landscape, the travel and food sectors stand out for their early and
innovative applications of Al, as both industries work to meet evolving consumer demands for customization,
speed, and convenience (Gretzel, 2018; Jiang & Erdem, 2020).

The travel sector, for instance, is leveraging Al to create highly personalized customer experiences, optimize
pricing strategies, and improve operational efficiency. Major players such as Expedia, Marriott, and Delta Airlines
have adopted Al-driven chatbots, which assist customers with bookings, provide personalized travel
recommendations, and streamline customer support operations (Smith et al., 2019). Additionally, AI’s predictive
analytics capabilities enable airlines and hotels to adjust prices dynamically based on anticipated demand,
inventory levels, and competitor activity, thus maximizing revenue while providing customers with competitive
rates (Buhalis & Sinarta, 2019; Doganis, 2020). These applications not only enhance customer satisfaction but
also offer travel companies valuable insights into customer preferences and market trends, allowing for a more
data-driven approach to strategic planning (Moro et al., 2019).

In the food industry, Al is transforming operations through demand forecasting, personalized marketing, and
enhanced supply chain management. Food retailers and service providers increasingly use Al for predictive
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demand forecasting, allowing them to optimize inventory management and reduce food waste by aligning stock
with expected customer demand (Ivanov & Webster, 2019; Syntetos et al., 2020). This is particularly evident in
large chains like Domino’s and McDonald’s, which utilize Al to analyze customer behavior patterns and provide
personalized recommendations that drive customer engagement and boost sales (Pradhan & Neelam, 2021). Al-
powered automation is also advancing operational efficiency in food service, with applications ranging from
robotic kitchen assistants to autonomous delivery systems in metropolitan areas, all aimed at meeting customer
demands for speed and convenience (Rajesh & Ravi, 2020).

Given the unique challenges and opportunities Al presents in the travel and food sectors, this paper aims to provide
a comprehensive analysis of Al’s role in shaping business strategies within these industries. Through a qualitative
analysis of secondary data, this study explores key applications, strategic benefits, and potential challenges that
Al introduces. This research is guided by the following questions: How is Al currently being leveraged to redefine
business strategies in the travel and food sectors? What specific Al applications are driving competitive advantage
in these industries? What ethical and operational challenges are associated with Al adoption, and how might these
challenges impact future strategies? (Brynjolfsson & McAfee, 2017; Davenport & Ronanki, 2018).

The paper is structured as follows: the literature review provides an overview of key research and developments
in Al applications across industries, with a particular focus on the travel and food sectors. The methodology
section outlines the qualitative approach used in analyzing secondary data, while the findings section presents the
primary Al-driven business strategies identified in both industries. A comparative discussion follows, highlighting
the differences and similarities in Al adoption, ethical considerations, and future implications for each sector.
Finally, the conclusion summarizes the main insights, emphasizing the strategic importance of Al and suggesting
potential avenues for further research (O’Neil, 2016; Eubanks, 2018).

As businesses in the travel and food sectors strive to adapt to the demands of a technologically sophisticated
consumer base, Al offers powerful tools for creating personalized experiences, improving operational efficiency,
and maintaining competitive advantages. However, the integration of Al also raises important ethical and practical
challenges, including concerns around data privacy, workforce displacement, and algorithmic bias. By examining
how AI is currently influencing business strategies in these sectors, this study contributes to a deeper
understanding of AI’s transformative potential, as well as the strategic and ethical considerations that will shape
its future role in business.

Literature Review

Artificial Intelligence (AI) has fundamentally altered the strategic landscape of numerous industries, enabling
companies to streamline operations, enhance customer engagement, and achieve unprecedented levels of
personalization (Russell & Norvig, 2021; Chui et al., 2018). Al technologies such as machine learning, deep
learning, and natural language processing have empowered businesses to process vast datasets, derive actionable
insights, and even predict future trends with accuracy (Davenport & Ronanki, 2018). The application of Al extends
across various functions, including customer service, supply chain optimization, and marketing, making it a
valuable asset for businesses aiming to remain competitive in a digital economy (Brynjolfsson & McAfee, 2017).

In particular, Al adoption has surged in sectors like travel and food, where businesses must continuously adapt to
evolving customer preferences and operational challenges (Kaparthy, 2019; Lee & Brahma, 2020). Research
shows that Al enables organizations in these sectors to move beyond traditional strategies, offering innovative
solutions that enhance both efficiency and customer satisfaction (Gretzel, 2018). By leveraging Al technologies,
travel and food companies can automate tasks, personalize interactions, and analyze data in real-time,
transforming their approach to business strategy and customer engagement (Huang & Rust, 2018; O’Neill &
McDonnell, 2021).

Table 1: AI Applications Across Key Business Functions

Business Function Al Application Examples Sources

Customer Service Chatbots, Virtual | Marriott, KLM Smith et al., 2019; Manthiou et al.,
Assistants 2021

Supply Chain | Predictive Analytics Domino's, Ivanov & Webster, 2019; Rajesh &

Management Walmart Ravi, 2020

Marketing & | Recommendation Netflix, Moro et al., 2019; Taylor et al.,

Personalization Engines Starbucks 2022

Pricing Strategy Dynamic Pricing Uber, Amazon Buhalis & Sinarta, 2019; Doganis,

2020

Library Progress International | Vol.44 No.3 | July-December 2024 25814



Kittiwat Rattanamanee

This table highlights some of the core Al applications across industries, setting the stage for an in-depth look at
AT’s influence in the travel and food sectors specifically.

Al in the Travel Sector

The travel industry has been quick to adopt Al technologies, utilizing them to enhance customer experience,
streamline operations, and increase profitability. AI’s integration in travel is most visible in customer service,
where chatbots and virtual assistants are used to provide instant support, answer queries, and help with bookings.
For example, KLM and Marriott have implemented Al-driven chatbots that operate 24/7, improving customer
service efficiency and satisfaction (Manthiou et al., 2021; Smith et al., 2019). Studies show that these Al-powered
interactions not only boost user experience but also reduce operational costs by minimizing the need for human
intervention (Buhalis & Sinarta, 2019).

Moreover, Al in the travel sector is leveraged to improve pricing strategies through dynamic pricing models.
Airlines and hotels, for instance, use predictive analytics to adjust pricing based on demand forecasts, inventory
levels, and competitor behavior (Doganis, 2020; Buhalis, 2018). This approach allows companies to optimize
revenue by pricing services dynamically, a strategy that has proven particularly beneficial in highly competitive
travel markets (Kaparthy, 2019; Moro et al., 2019).

Diagram 1: AI Integration in Travel Sector Business Functions

Al in Travel Sector

Customer Service Revenue Optimization Personalized Marketing Operational Efficiency
Chatbots & Virtual Assistants Dynamic Pricing Recommendation Systems Predictive Maintenance

This diagram provides an overview of Al applications across key business functions in the travel industry.

AT’s role extends to personalized marketing as well. Machine learning algorithms analyze user preferences and
browsing patterns to tailor marketing messages and travel recommendations, creating a more personalized travel
experience for consumers (Gretzel, 2018; Manthiou et al., 2021). For example, Expedia employs recommendation
engines to suggest travel packages and destinations based on users’ historical behavior, significantly enhancing
customer engagement and conversion rates (Moro et al., 2019). Additionally, Al has proven effective in improving
operational efficiency through predictive maintenance in airlines, where algorithms forecast equipment needs and
reduce delays by proactively identifying and addressing potential issues (Lee & Brahma, 2020).

Al in the Food Sector

The food sector faces unique challenges, including fluctuating demand, inventory management, and stringent
quality standards, all of which have prompted the adoption of AI solutions. One of AI’s most impactful
applications in this industry is demand forecasting, where machine learning algorithms analyze historical sales
data, weather patterns, and regional trends to predict future demand accurately (Ivanov & Webster, 2019; Syntetos
et al., 2020). This approach has enabled companies like Walmart and Domino’s to reduce waste and optimize
inventory, contributing to cost savings and environmental sustainability (Rajesh & Ravi, 2020).

Al is also transforming marketing strategies within the food industry by enabling personalized promotions. Major
chains like Starbucks and McDonald’s use Al-driven insights to tailor marketing messages and offers based on
individual customer preferences and purchase history (Pradhan & Neelam, 2021; Taylor et al., 2022). These
personalized marketing efforts have been shown to improve customer loyalty and increase average spending,
underscoring the value of Al in cultivating long-term customer relationships (O’Neill & McDonnell, 2021).

Table 2: AI Applications and Benefits in the Food Sector

Application Al Technology Industry Benefits Sources
Example
Demand Machine Learning Domino’s, Reduces waste, | Ivanov & Webster, 2019;

Library Progress International | Vol.44 No.3 |July-December 2024 25815



Kittiwat Rattanamanee

Forecasting Walmart optimizes stock Rajesh & Ravi, 2020

Inventory Predictive Analytics | Whole Foods, | Streamlines supply | Syntetos et al., 2020;

Management Kroger chain Bisson et al., 2018

Personalized Recommendation Starbucks, Enhances customer | Pradhan &  Neelam,

Marketing Engines McDonald’s engagement 2021; Taylor et al., 2022

Quality Control | Image Recognition Nestlé, PepsiCo | Ensures  product | Lee & Brahma, 2020;
consistency Davenport & Ronanki,

2018

This table demonstrates the scope of Al applications in the food sector and the specific benefits associated with
each.

Automation is another major Al-driven innovation in the food sector, particularly in fast food chains and large
food processing facilities. Companies are increasingly deploying robotics and autonomous systems to expedite
food preparation and delivery, which addresses labor shortages and enhances operational efficiency (Lee &
Brahma, 2020; Rajesh & Ravi, 2020). Additionally, AT applications in quality control, such as image recognition
systems, are used to monitor food production and ensure consistent product quality, essential in industries where
quality standards are strictly regulated (O’Neill & McDonnell, 2021).

Comparative Overview of Al in Travel and Food Sectors

While both travel and food sectors have adopted Al to enhance business functions, there are notable differences
in how Al technologies are implemented and the unique challenges each sector faces. In the travel industry, Al is
heavily oriented toward personalization and real-time customer service, aiming to improve customer experience
in a highly competitive market. By contrast, the food sector primarily focuses on operational efficiency, demand
forecasting, and supply chain optimization to manage costs and minimize waste (Ivanov & Webster, 2019;
Gretzel, 2018).

Diagram 2: Comparative Venn Diagram of AI Applications in Travel and Food Sectors

Al in Travel Sector Al in Food Sector
Customer Service Chatbots Demand Forecasting

\ \

Dynamic Pricing Models Recommendation Engines Inventory Optimization
l \

Personalized Marketing Predictive Analytics Quality Control
l \

Predictive Maintenance Robotic Automation in Food Prep

This diagram visually represents the overlap and unique applications of Al in each sector, with shared applications
like recommendation engines and distinct ones like dynamic pricing in travel and demand forecasting in food.

Research Gaps
While the literature provides valuable insights into AI’s applications across the travel and food sectors, there

remain significant areas that warrant further exploration. First, although several studies discuss Al's role in
individual business functions within each sector, few comparative studies examine the specific differences and
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synergies in Al applications between travel and food industries (Gretzel, 2018; Moro et al., 2019). Additionally,
the ethical implications of Al adoption—such as data privacy, workforce impacts, and potential biases—are often
addressed in broad terms but lack focused analysis specific to the operational and regulatory contexts of the travel
and food sectors (O’Neil, 2016; Eubanks, 2018). Furthermore, much of the current research emphasizes large,
multinational corporations, leaving a gap in understanding how smaller enterprises in these sectors leverage Al
and manage its associated challenges (Ivanov & Webster, 2019; Taylor et al., 2022).

In summary, the literature illustrates that Al plays a transformative role in the travel and food industries, enhancing
customer engagement, operational efficiency, and revenue optimization. In the travel sector, Al is instrumental in
personalizing customer experiences, optimizing pricing strategies, and providing real-time support, while in the
food sector, it is primarily used for demand forecasting, supply chain optimization, and quality control (Buhalis
& Sinarta, 2019; Rajesh & Ravi, 2020). Despite these advancements, the identified research gaps underscore the
need for further comparative studies, deeper ethical analysis, and more inclusive research on small to medium-
sized enterprises. These findings form the basis for this study, which aims to address these gaps through a
qualitative analysis of Al's strategic role in the travel and food sectors.

Methodology

This section describes the qualitative research design, data collection methods, data sources, and thematic analysis
approach employed in this study. By utilizing secondary data and applying thematic analysis, this study aims to
uncover patterns and insights into the strategic role of Artificial Intelligence (Al) in the travel and food sectors.
This structured approach supports a comprehensive comparative analysis of Al applications across these two
industries.

1. Research Design

This study employs a qualitative research design, specifically utilizing secondary data analysis to examine Al’s
influence on business strategies in the travel and food sectors. Qualitative analysis is well-suited for this study due
to its capacity to interpret complex themes and patterns across vast, varied datasets (Creswell, 2013; Braun &
Clarke, 2006). By focusing on qualitative data, this research aims to uncover the strategic implications of Al,
providing insights into its operational and ethical dimensions across the two sectors (Brynjolfsson & McAfee,
2017).

Research Design Diagram: The following diagram outlines each step in the research process, from data
collection through to comparative analysis.
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2. Data Collection

The data collection process involved gathering secondary data from credible, relevant sources. Secondary data
analysis was chosen due to the availability of comprehensive literature on Al applications in business, which
provides a broad and diverse perspective on AI’s role in different industries. Sources were selected based on

Research Design Process

l

Source Selection

l

Data Familiarization

l

Initial Coding

l

Theme Development

:

Theme Refinement

l

Thematic Synthesis

l

Data Collection: Academic journals, reports, white papers

Comparative Analysis: Travel vs Food sectors

explicit criteria to ensure relevance and reliability (Creswell, 2013; Davenport & Ronanki, 2018):

e Relevance: Only sources directly addressing Al applications in travel and food sectors were included.

e Credibility: Preference was given to peer-reviewed journals, high-quality industry reports, and white
papers.

e Recency: Only sources published from 2018 to 2023 were used to ensure the findings reflect recent

trends and technologies.

Table 1: Types of Secondary Sources and Selection Criteria

Source Type Examples Selection Criteria
Academic Journal of Travel Research, Food Engineering | Peer-reviewed, recent publications
Journals Reviews
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Industry Reports | McKinsey, Deloitte, PwC reports Published between 2018-2023, sector-
specific

White Papers Al and tech firm publications Authoritative, validated information

Case Studies Domino’s, Marriott, KLM Focused on Al applications, real-world
data

3. Data Sources

The data sources used in this study include academic journals, industry reports, white papers, and case studies.
These sources were chosen for their relevance to Al applications in business strategy and their focus on the travel
and food industries. Each source type provided unique insights:

Academic Journals: Offered foundational knowledge on theoretical aspects of Al applications and
industry-specific Al use cases (Brynjolfsson & McAfee, 2017; Ivanov & Webster, 2019).

Industry Reports: Provided practical insights into AI’s impact on industry standards and trends from
consulting firms like McKinsey and Deloitte (Chui et al., 2018; Davenport & Ronanki, 2018).

White Papers: Delivered detailed analysis of Al tools, strategies, and outcomes in real-world settings
(Pradhan & Neelam, 2021).

Case Studies: [llustrated specific Al implementations in companies like Domino’s, Marriott, and KLM,
showcasing real-world applications (Smith et al., 2019).

4. Thematic Analysis

The data analysis was conducted using thematic analysis, a qualitative method widely used for interpreting
complex data (Braun & Clarke, 2006). Thematic analysis enables the researcher to identify, analyze, and report
themes or patterns within the data, making it particularly suitable for studies on technological impact in business
(Nowell et al., 2017). The analysis proceeded through the following stages:

1.

2.

Data Familiarization: All sources were reviewed to gain an initial understanding of key terms and
concepts. This stage involved reading and re-reading the data, taking notes, and marking initial ideas.
Initial Coding: Using an inductive approach, initial codes were generated to capture important aspects
related to Al applications, such as customer personalization, predictive analytics, and automation
(Taylor et al., 2022).

Theme Development: Codes were organized into themes representing major Al applications and
strategies, such as operational efficiency, demand forecasting, and ethical considerations (Ivanov &
Webster, 2019; Manthiou et al., 2021).

Review and Refinement: The themes were reviewed to ensure alignment with the research questions
and objectives, focusing on aspects most relevant to the comparative analysis between the travel and
food sectors (Pradhan & Neelam, 2021).

Diagram 2: Thematic Analysis Process Flowchart
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Thematic Analysis Process

Data Familiarization

Initial Coding

Theme Development

Review and Refinement

Final Themes

5. Thematic Synthesis and Comparative Analysis

Following the development of themes, a thematic synthesis was conducted to interpret and integrate the insights,
allowing for a comparative analysis of Al applications in the travel and food sectors. The synthesis identified the
following key thematic areas, which were compared across the two sectors:
e Personalization: Exploring AI’s role in tailoring customer experiences in travel (e.g., recommendation
engines) and food (e.g., personalized promotions).
e Operational Efficiency: Analyzing AI’s contributions to streamlining processes, such as predictive
maintenance in travel and robotic automation in food.
e Demand Forecasting: Examining AI’s use in forecasting demand to optimize inventory in food and
pricing in travel.
e Ethical and Strategic Considerations: Addressing data privacy, transparency, and workforce impacts
across both sectors.

Table 2: Key Themes and Sector-Specific Examples Identified through Thematic Analysis
| Theme | Description | Sector-Specific Examples |
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Personalization Al-driven customization of interactions and | Travel: Chatbots; Food: Targeted
offerings marketing

Operational Streamlining processes using predictive and | Travel: Predictive maintenance; Food:

Efficiency automation Al Robotic prep

Demand Al predictions for supply and demand | Travel: Dynamic pricing; Food:

Forecasting management Inventory management

Ethical Issues related to Al transparency and data | Both sectors: Data privacy, transparency

Considerations ethics concerns

This methodology section, with a clearly structured approach to data collection, analysis, and synthesis, provides
a comprehensive framework for understanding AI’s strategic applications in the travel and food sectors. The use
of secondary data sources, combined with thematic analysis and comparative synthesis, offers a well-rounded
basis for identifying patterns and differences in Al utilization. Visual aids, including tables and diagrams,
contribute to the transparency and clarity of this research process, establishing a foundation for the findings and
discussion that follow.

Results

The results from the thematic analysis provide insight into the specific ways in which Al is shaping business
strategies in the travel and food sectors. Four major themes emerged: personalization, operational efficiency,
demand forecasting, and ethical considerations. Each theme reveals distinct and overlapping applications of Al
in these industries, underscoring both shared and sector-specific strategies.

1. Personalization

Personalization emerged as a central theme in both the travel and food sectors, though it is applied in slightly
different ways. In the travel industry, Al-driven personalization is primarily used to enhance customer experiences
through chatbots, dynamic pricing, and recommendation engines. For example, companies like Expedia and KLM
use Al algorithms to tailor recommendations and adjust prices based on real-time demand and user preferences
(Gretzel, 2018; Smith et al., 2019). In contrast, the food industry emphasizes personalized marketing and tailored
promotions, with companies like McDonald’s using Al to deliver targeted offers based on customer purchase
history and preferences (Pradhan & Neelam, 2021).

Table 1: AI Applications for Personalization in Travel vs. Food Sectors

Sector | AI Application Example Description
Travel | Chatbots & Virtual | KLM, Marriott Real-time customer support and engagement
Assistants
Travel | Dynamic Pricing Delta Airlines, | Adjusts prices based on demand and
Expedia preferences
Food | Personalized Marketing Starbucks, Targeted promotions based on purchase
McDonald’s history
Food | Recommendation Engines Domino’s, Uber Eats | Recommends menu items based on prior
orders

Chart 1: Distribution of AI Personalization Applications in Travel vs. Food
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Distribution of Al Personalization Applications in Travel vs. Food

Food - Recommendation Engines -

Food - Personalized Marketing -

Travel - Dynamic Pricing -

Travel - Chatbots -

o -
w

1'0 1‘5 2'0 2‘5 3'0
Percentage of Al Applications

A bar chart shows the proportion of AI applications in personalization across travel and food sectors,
demonstrating the different emphases in each sector.

2. Operational Efficiency

Operational efficiency is another prominent theme, particularly as both sectors use Al to streamline processes and
reduce costs. In the travel sector, Al applications for operational efficiency include predictive maintenance for
aircraft and automated check-in systems, which help minimize delays and improve service speed (Doganis, 2020;
Manthiou et al., 2021). In the food sector, operational efficiency is enhanced through robotic automation in food
preparation and predictive analytics in inventory management, reducing food waste and optimizing stock levels
(Lee & Brahma, 2020; Ivanov & Webster, 2019).

Diagram 1: Al Operational Efficiency Applications in Travel and Food Sectors

Travel Sector Food Scctor
Predictive Mai (Travel) Check-in (Travel) Robotic Food Prep (Food)  Predictive Analytics (Food)
Reduces delays, improves maintenance schedules Speeds up service and reduces wait times cooking and pi ion p Optimi: inventory and reduces waste

This diagram visualizes the main Al applications in operational efficiency across both sectors, highlighting
specific examples and outcomes for each.

Table 2: AI Operational Efficiency Applications in Travel and Food

Sector | Application Example Description
Travel | Predictive Maintenance | Delta Airlines Reduces aircraft delays, optimizes maintenance
Travel | Automated Check-in Marriott, Hilton Speeds up check-in, enhances customer
experience
Food | Robotic Food | Domino’s, Spyce Automates cooking, reduces labor costs
Preparation
Food | Predictive Analytics Whole Foods, | Optimizes inventory, minimizes food waste
Kroger
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3. Demand Forecasting

Demand forecasting is a crucial Al application in both sectors, though it serves different purposes. In the travel
industry, airlines and hotels use demand forecasting to optimize pricing and manage capacity, allowing for
dynamic adjustments based on expected demand (Buhalis & Sinarta, 2019). The food sector, on the other hand,
uses demand forecasting primarily for inventory management, helping food retailers anticipate demand
fluctuations and reduce excess stock (Rajesh & Ravi, 2020; Syntetos et al., 2020).

Chart 2: Demand Forecasting Applications in Travel vs. Food Sectors

Demand Forecasting Applications in Travel vs. Food Sectors

Food - Seasonal Demand

Food - Inventory Management

Travel - Pricing Optimization

Travel - Capacity Management

A pie chart illustrates the breakdown of demand forecasting applications, showing the proportion used for pricing
optimization in travel versus inventory management in food.

Table 3: AI Demand Forecasting in Travel and Food Sectors

Sector | Application Example Purpose
Travel | Dynamic Pricing | Hilton, American | Adjust prices based on demand
Forecast Airlines
Travel | Capacity Management Delta Airlines Allocate resources according to demand
Food | Inventory Management Walmart, Kroger Manage stock levels based on forecasted
demand
Food | Seasonal Demand | Whole Foods Adjust orders based on seasonal trends
Forecast

4. Ethical and Strategic Considerations

Ethical considerations around Al were evident in both sectors, particularly regarding issues of data privacy,
algorithm transparency, and job displacement. In the travel sector, customer data used for personalization and
dynamic pricing raises privacy concerns, especially as companies collect more detailed information to improve
targeting accuracy (O’Neil, 2016; Eubanks, 2018). Similarly, in the food sector, Al-driven personalization and
predictive analytics require large datasets on consumer habits, raising concerns over data security and ethical
usage (Pradhan & Neelam, 2021).

Diagram 2: Ethical and Strategic Considerations in AI Applications

Ethical Concerns in Al

Data Privacy Concerns Transparency in Algorithms Job Displacement
Al-driven pi ization requires p data Need for fairness in Al decisions Automation reduces need for human labor
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This diagram highlights the key ethical considerations associated with Al applications in both the travel and food
sectors.

Table 4: Ethical Considerations of Al in Travel and Food Sectors

Sector | Ethical Concern Description Example
Travel | Data Privacy Personalization requires extensive data Personalized marketing by
Expedia
Travel | Algorithm Ensuring fairness in dynamic pricing Fair pricing by Delta Airlines
Transparency
Food Data Security Protecting consumer purchase data Loyalty program by Starbucks
Food | Job Displacement Automation reduces human labor in food | Robotic kitchens in Domino’s
prep

The thematic analysis reveals that while there are shared applications of Al across the travel and food sectors,
each industry applies these technologies in distinct ways to meet specific operational and strategic needs. The
travel sector emphasizes personalization and operational efficiency in customer service and dynamic pricing,
while the food sector focuses on demand forecasting and inventory optimization to reduce waste and enhance
supply chain efficiency. Ethical considerations are pervasive in both sectors, with common concerns about data
privacy, algorithm transparency, and workforce impacts, highlighting the importance of responsible Al use. The
findings suggest that while Al can significantly enhance business strategies, industry-specific needs shape its
applications, leading to distinct strategic advantages and ethical considerations in each sector. This comparative
insight provides a foundation for understanding the nuanced role of Al across different industries, guiding future
research and business practices toward more targeted, responsible Al integration.

Discussion

The results from this study demonstrate that Artificial Intelligence (Al) plays a transformative role in shaping
business strategies within both the travel and food sectors, though with distinct applications and strategic focuses.
By examining themes of personalization, operational efficiency, demand forecasting, and ethical considerations,
this study highlights not only the versatility of Al technologies but also the unique ways in which these sectors
leverage Al to achieve competitive advantage. These findings align with previous research indicating that Al’s
impact is often industry-specific, influenced by operational needs, customer expectations, and regulatory contexts
(Huang & Rust, 2018; Ivanov & Webster, 2019). This section discusses the implications of these results,
contrasting sector-specific uses of Al and addressing the ethical dimensions of Al integration.

Comparative Analysis of AI Applications in Travel and Food Sectors

The comparative analysis reveals that while both sectors apply Al in ways that enhance customer experience and
operational efficiency, the nature of these applications varies. In the travel industry, personalization efforts are
largely centered around enhancing customer engagement through recommendation systems and dynamic pricing
models. This focus reflects the highly competitive nature of the travel sector, where customer loyalty is paramount,
and companies strive to provide tailored experiences to stand out (Buhalis & Sinarta, 2019; Manthiou et al., 2021).
Personalization in the food sector, however, tends to emphasize targeted marketing and promotions based on
consumer purchase history, highlighting a shift towards customer retention and loyalty within food service and
retail (Taylor et al., 2022). This difference underscores how each sector’s customer interaction dynamics shape
their Al strategies.

Similarly, operational efficiency is achieved through Al in both sectors, yet the applications are again distinct. In
the travel sector, predictive maintenance and automated check-in systems are prominent, allowing companies to
reduce operational delays and streamline customer interactions (Doganis, 2020; Gretzel, 2018). The food sector,
however, focuses on robotic automation in food preparation and predictive analytics for inventory management,
emphasizing supply chain optimization and waste reduction (Rajesh & Ravi, 2020). These findings indicate that
while Al supports operational efficiency across industries, its implementation is tailored to address sector-specific
operational bottlenecks.

The Role of Demand Forecasting in Strategic Decision-Making

Demand forecasting emerged as a critical Al application in both sectors, albeit with differing objectives. In the
travel industry, Al-driven demand forecasting is primarily used to adjust pricing dynamically and allocate
resources according to anticipated demand (Buhalis, 2018). This approach aligns with previous research
highlighting that Al-enhanced demand forecasting improves airlines' and hotels' ability to manage fluctuating
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customer flows and optimize revenue (Ivanov & Webster, 2019). Conversely, in the food industry, demand
forecasting is largely applied to inventory management and waste reduction, helping food retailers predict
seasonal demand and optimize stock levels accordingly (Syntetos et al., 2020). This difference reflects the
perishability of food products and the need for precise inventory controls to minimize waste, which contrasts with
the travel sector’s focus on maximizing customer occupancy and sales.

These distinctions illustrate how demand forecasting serves as a strategic tool adapted to the core objectives of
each sector. In both cases, Al-based forecasting enhances data-driven decision-making, allowing companies to
anticipate market trends and make agile adjustments. This finding supports earlier studies suggesting that AI’s
predictive power is a valuable asset for companies seeking to navigate uncertain market conditions and optimize
resource allocation (Chui et al., 2018; Davenport & Ronanki, 2018).

Ethical and Strategic Implications of Al Integration

The study also identified key ethical considerations associated with Al applications, including concerns over data
privacy, algorithmic transparency, and potential job displacement. These ethical challenges are particularly
relevant in the context of AI’s reliance on vast amounts of personal and behavioral data, especially for applications
focused on personalization and targeted marketing (O’Neil, 2016; Eubanks, 2018). In the travel sector, the use of
customer data to drive personalized experiences raises questions about data security and privacy. As companies
collect more extensive data to enhance personalization, there is a growing need to address how customer
information is safeguarded and used responsibly (Smith et al., 2019). This concern is echoed in the food sector,
where personalized marketing relies on sensitive purchase history data, creating similar risks regarding data
misuse and customer trust (Pradhan & Neelam, 2021).

Algorithmic transparency is another ethical challenge, particularly for dynamic pricing models in the travel sector,
where customers may perceive automated price fluctuations as unfair or biased (Gretzel, 2018). Transparent Al
algorithms can help mitigate such concerns, but achieving this transparency is challenging due to the complexity
of machine learning processes (Brynjolfsson & McAfee, 2017). In the food sector, Al-driven automation in food
preparation and inventory management raises concerns about workforce displacement, as robotic systems reduce
the need for human labor in some roles. These findings align with recent studies that emphasize the importance
of ethical Al development, especially in high-stakes applications where bias, privacy, and transparency are
paramount (Lee & Brahma, 2020; Nowell et al., 2017).

These ethical considerations underscore the need for businesses to adopt responsible Al practices, balancing
innovation with transparency and fairness. Regulatory frameworks and ethical guidelines are increasingly
important for Al applications, as they provide standards for responsible data use, fairness in algorithmic decisions,
and safeguards against unintended consequences of automation (Eubanks, 2018; O’Neil, 2016). Companies in
both sectors could benefit from implementing Al transparency measures, such as publicly available information
on data usage policies and efforts to address potential biases in algorithmic decisions.

Implications for Future Research and Practice

The insights gained from this study suggest several avenues for future research and practical applications. First,
as Al technologies continue to evolve, further comparative studies could deepen our understanding of how Al’s
strategic role varies across industries. Specifically, more longitudinal studies could provide insights into the long-
term impacts of Al integration on business performance, customer satisfaction, and workforce dynamics in each
sector. Future research should also explore the effectiveness of ethical Al guidelines in practical settings, assessing
how companies in the travel and food sectors are implementing privacy and transparency standards and the
impacts of these measures on customer trust and brand reputation (Creswell, 2013; Davenport & Ronanki, 2018).

From a practical perspective, companies should consider adopting Al solutions that align with their strategic
objectives while also addressing ethical considerations. For example, businesses in the travel industry might
enhance customer trust by providing transparency about how dynamic pricing algorithms work and ensuring that
personalized recommendations respect customer data privacy. In the food sector, companies could prioritize
inventory management systems that not only optimize stock but also incorporate ethical standards for data use
and worker well-being. Such practices not only mitigate ethical risks but also foster positive customer and
employee relations, which can be significant competitive advantages in a technology-driven marketplace (Pradhan
& Neelam, 2021; Syntetos et al., 2020).

The discussion highlights the distinct yet overlapping roles of Al in the travel and food sectors, illustrating how
each industry’s strategic goals shape the application of Al. While personalization, operational efficiency, and
demand forecasting are shared themes, their implementation reflects sector-specific demands. Additionally,
ethical concerns such as data privacy, algorithmic transparency, and workforce implications emphasize the need
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for responsible Al practices. This analysis contributes to the growing body of literature on AI’s role in business,
supporting calls for more industry-specific research and the development of ethical guidelines to ensure Al’s
beneficial and equitable use.

Conclusion

This study highlights the transformative role of Artificial Intelligence (Al) in shaping business strategies within
the travel and food sectors, uncovering sector-specific applications and shared challenges. By analyzing secondary
data, we identified four central themes—personalization, operational efficiency, demand forecasting, and ethical
considerations—that characterize AI’s impact across these industries. Our findings show that while Al
technologies such as machine learning, natural language processing, and predictive analytics drive both sectors,
their applications are strategically adapted to meet unique operational needs.

In the travel sector, Al supports customer-focused strategies, including personalized recommendations, dynamic
pricing, and automated service interactions that enhance customer experience and foster loyalty. These
applications reflect the competitive nature of the industry, where personalized experiences are vital for
differentiation. In contrast, the food sector leverages Al primarily to optimize inventory, reduce waste, and engage
customers through targeted marketing. Demand forecasting and robotic automation further contribute to
operational efficiency in the food industry, where efficient supply chain management and cost control are
paramount.

The study also underscores ethical considerations, including concerns over data privacy, algorithmic transparency,
and workforce displacement. These issues are increasingly relevant as AI’s influence grows, and they highlight
the importance of ethical frameworks that prioritize transparency, fairness, and data protection. Companies in
both sectors must balance the strategic benefits of Al with responsible practices to maintain trust among customers
and employees. Regulatory standards and industry guidelines can play a crucial role in ensuring that Al
applications align with ethical principles, especially as companies scale up Al-driven initiatives.

In conclusion, Al presents significant opportunities for enhancing strategic decision-making and operational
efficiency in the travel and food sectors. However, the ethical implications and sector-specific challenges of Al
implementation warrant further investigation. Future research should focus on developing industry-specific
frameworks for ethical Al use, examining the long-term impacts of Al on customer trust and workforce dynamics,
and exploring AI’s potential in other sectors where strategic applications remain underexplored. By addressing
these areas, businesses and researchers alike can better harness AI’s potential while promoting responsible and
sustainable growth.
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